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Hadoop-based Construction of Big Data Foundation
Platform and Application Conception of Tibetan Agriculture

YIN Zhong-jiang
(Agricultural Research Institute, Tibet Academy of Agricultural and Husbandry Sciences, Tibet Lhasa 850032, China)

Abstract; Based on Hadoop technology, the present paper builds the Tibet agricultural Hadoop basic platform by using Apache Hadoop and
CDH Hadoop big data platform. According to that, seven fields application directions in Tibet agriculture of Hadoop Big Data were con-
ceived. It is hoped that the use of Hadoop big data platform to promote smart Tibet agriculture and realize the use of agricultural digital tech-

nology to achieve the effect of * curving overtaking’ will have far-reaching significance and influence on agricultural production and applica-

tion in Tibet.
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